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ABSTRACT

Big Data is a whole new concept in information technology [driven computing world that managés large and
complex datasets through certain data mining processing tools,andfunctional medels. As we all know the
process of data mining is knowledge driven discovery process-through which\we can extract relevant
information about a particular matter of subject: Big Size, datasets have numerous/velocity and volume so it
demands research techniques to extract useful information. As the complexity,efi@ata increases, there is more
challenging work for us to implement big data methodologies. This research paper highlights the concept of Big
Data used in datasets, its present scenario placein industry, hidden truths behind development of big data and
what will be the future of big data in coming years.

Keywords: Big Data; Data Miningikransformation; Analysis.

I. INTRODUCTION

Mobile Gateways have now become\the gateway tg'achieve real time data from different areas. The huge data
that a mobile careerproeesses so as toimprove our CDR i.e. call data record for billing. In today’s world people
as well as machines, smalhor large are,equally connected to each other. Such vast connected components
generate huge data and information that requires to be extracted so as to improve quality of life. For example-
When we get ready and move to\0ffice everybody, for calculating the total time & completing the optimization,
the system requires,to process any new details like weather, traffic and other schedules. We need optimization

under tight time constraints‘also[3,5].

By considering the growth of Big Data in information technology compute system, there are certain conferences
and workshops which are held to deliver the mischievous opportunities of Big Data as Knowledge Data Driven
Conference on “Big Data Mining” and some workshops on Heterogeneous Streams through Big Data Mining
and analysis models and algorithm efficiency of big data[21]. All these events contribute towards growth of data
knowledge in industry. Now the big concern is how to implement the system models of big data but it is
definitely true that the big data is going to be the most innovative and trendsetter technology in future. There
exist certain Big Data challenges like efficiency of algorithmic design and capturing capabilities of system
models.
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Fig.1. Big Data Paradigm
11.BIG DATA MINING

The term Big Data came into being in 1998 and was given by
NextWave of infrastructure[8,16]. Big data mining has proved

and processing of vast amount of data has given rise to the
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Fig.2. 3 V’S of Big Data

There are many applications of Big Data which are as follow [17; 2]:

e Business: costumer personalization, churn detection
e Technology: reducing process time from hours to seconds
o Health: Determine DNA of each person so as to improve the lifestyle of people.

e  Smart cities: cities focused on sustainable economic

2.1 Global Pulse: "'Big Data for development™

To understand the relevance of big data mining. We represent the work that gl een doing with the
help of big data to improve life in different countries[17,24]. Global P i 009 and is an

innovative lab that works on mining the big data. Strategy of this lab i
1) To detect the vulnerabilities innovative techniques are used

2) For analyzing the real time data, they assemble free open so

3) To establish global pulse at a very huge level ulse has described the oppartunities which big data

offers. They are as follows:

e Real Time Awareness: Design progral reality is-being represented.

o d and do the needful changes.

visualization tools ¢ nder the category of Data Analysis.
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Fig.3. Big Data Taxonomy

extraction of Knowledge.[6,19] This representational knowle
There are social networking websites such as twitter, Face

reduce execution time of queries.

IV. CONTROVERSY ABOUT BIG DA

The concept of Big Data is very vast with nt of information to users. So

rectly related to open source software revolution. Large organizations like
Twitter and Faceb vesting in Open Source Projects. The infrastructure of big data deals with Apache
and Apache Hadoop/that are used for Map Reduce Programing and Distributed File System i.e. Hadoop
Distributed File System. Apache Hadoop related projects [32]: Apache Pig, Apache Hive, Apache HBase,
Apache ZooKeeper, Apache Cassandra, Cascading, Scribe and many others. Apache S4 [26]: platform for
processing continuous data streams. S4 is designed specifically for managing data streams. S4 apps are designed
combining streams and processing elements in real time. Storm [31]: software for streaming data-intensive
distributed applications, similar to S4, and developed by Nathan Marz at Twitter. In Big Data Mining, there are

many open source initiatives.
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The most popular are the following: Apache Mahout [4]: Scalable machine learning and data mining open
source software based mainly in Hadoop. It has implementations of a wide range of machine learning and data
mining algorithms: clustering, classification, collaborative filtering and frequent pattern mining. [29]. It has
implementations of classification, regression; clustering and frequent item set mining and frequent graph
mining. It started as a project of the Machine Learning group of University of Waikato, New Zealand, famous
for the WEKA software. The streams framework [6] provides an environment for Data mining and running
stream processes using simple XML based definitions and is able to use MOA, Android and Storm. SAMOA [1]
is a new upcoming software project for distributed stream mining that will combine S4 and Storm with MOA.
Vowpal Wabbit [20]: open source project started at Yahoo! Research and continuifig at Microsoft Research to
design a fast, scalable, useful learning algorithm. VW is able to learn from tera feature datasets. It can exceed
the throughput of any single machine network Interface when doing lineaflearning, via parallellearning. More
specific to Big Graph mining we found the following open source tools: Pegasus {18]x big graph mining'system
built on top of Map Reduce. It allows patterns and anomalies in massivereal-world graphs, See the paper by U.
Kang and Christos Faloutsos in this issue. Graph Lab [24]: high-level graph-parallel system built mithout using
Map Reduce. Graph Lab computes over dependent records which are_stored as Vertices in a large distributed
data-graph. Algorithms in Graph Lab are expressed as vertex-programs-which are executed in parallel on each

vertex and can interact with neighboring vertices,

V. FORECAST TO THE FUTURE

There are different types of challenges that arrive from big“data management, be it the type of data. [27, 16].
One of the challenges that any practitioner will haveto face during the coming years: Analytics Architecture.
The mystery behind optimal architecture of data continues.and,itis difficult to deal with historic data as well as
real time issues.. An interesting‘proposal iSithe Lambda architecture of Nathan Marz [25]. The Architecture that
solves the problemsof computing arbitraryfunctionsensarbitrary data in real time by decomposing the problem
into three layerS iSycalled the lambdadarchitecture.; the batch layer, the serving layer, and the speed layer. It

combines the both hadoep
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Fig.4. Transforming Big Data

layer, and Storm for the speed layer. The properties defined by the system are: robust and fault tolerant,
scalable, general, allows different queries, minimal maintenance, and debug gable. It is important to achieve

significant statistical results, and not be fooled by randomness. It is important to achieve significant statistical
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results, and not be fooled by randomness. The transformation of Big Data is quite complex as it needs difficult
implementation methods and requires long duration. Big Data techniques like Hadoop used telemetry methods
for analysis of unstructured and semi-structured data. Machine learning approaches are enough efficient to built
big data useful. The volume problem of Big Data can be solved by using two techniques as through compression
and sampling. But there exists a very difficult challenge of Big Data is that how can we visualize this Big Data
in our specified data warehouses. Researchers are working on Merge-Reduce algorithm which can work
simultaneously in different environment. It can be used to manage hard machine learning data approaches in real
time environment. The recent IDC study on Big Data reveals that 643 exa bytes of digital data form would be
beneficial for approximation of big data if and only if when it is analyzed and marKed in“a managerial manner.

But in present scenario, only 3% of big data is useful because of low equipped téchniques present.

VI CONCLUSION

In the upcoming era, Big Data emerge as the most powerful conegpt'used in technolegy world. The amount of
data which is handled by today’s academicians, they will manage five times more data than today.<And through
big data mining concepts, it becomes very easy technique to extract usefulginformation in a very short duration
of time. Time is the only factor to which we can rely in future and“big-data can have that much capability to

reduce time complexity and make our work efficient and smart.
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